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Abstract: The Chinese mitten crab is a well-known aquaculture product in China. With the development of a big data plat-
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form supporting the Chinese mitten crab industry chain, big data technologies can be used to generate insights and
value from the data produced during crab culturing, becoming an important way to promote the upgrade of the
hairy crab industry chain. Analysis models using big data can clarify the relationships among vast amounts of data
and reveal the internal laws of crab farming. A study of these models examines whether big data technologies can
be applied to crab culturing to successfully upgrade the crab industry. This paper summarizes the status and perfor-
mance of several big data models focused on important problems in crab farming. These problems include water
quality prediction and early warning, water quality control, feeding strategy, disease detection, behavior recogni-
tion, and product quality identification. Several big data platforms currently used in the crab industry are reviewed
and the challenges and opportunities of big data analytic models in crab farming are discussed. The review high-
lights the foundations and advantages in thoroughly applying big data technologies in the crab farming industry,
but also highlights challenges in solving practical problems, and the lack of targeted and associated research find-
ings. To reinforce the application of big data technologies, the special characteristics and practical requirements of
the industry should be considered when building analysis models, and more intelligent services should be provided

on a big data platform for the crab industry. The construction of an effective big data platform on crabs can guide

the construction of big data platforms for other agricultural products.

Keywords: chinese mitten crab; big data of specific product; data analysis; data model; aquatic big data; smart aquaculture;

agricultural big data; smart agriculture
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Fig.1 Data generation in Chinese mitten crab produc-

tion cycle
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Fig.2 Trend of big data analysis model of Chinese mit-

ten crab
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Table 1 Classification of prediction models of dissolved oxygen and representative references
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